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1. Introduction
With today’s fragmented streaming service landscape,

e.g. Netflix, Disney+, Apple TV+, there is a huge amount
of content available to the user across multiple providers.
Users browsing through the content of a streaming ser-
vice are often overwhelmed by the sheer amount of con-
tent available. They end up spending a lot of time browsing
through the content, but are often unable to find something
they want to watch in a reasonable amount of time. This
is known as choice overload which leads to the problem of
decision paralysis [8].

The problem of decision paralysis is not limited to
streaming services, but also occurs in other domains such
as food, gifts, and travel. In these domains, the user is often
presented with a large number of options, which leads to the
user being unable to make a decision.

In this thesis, we propose a novel solution to the problem
of decision paralysis by using AI image generation to gauge
the user’s preferences and provide them with a recommen-
dation. Using AI image generation [13], we can gener-
ate images that represent potential preferences of the user
and let the user make choices between these images. This
method has the potential to capture the user’s current mood
and other subconscious preferences. Based on the user’s
choices, we can then provide them with a recommendation.
A picture is worth a thousand words, and we can use this to
our advantage.

2. Related Work
Recent advances in AI image generation [3, 5, 11, 13]

have made it possible to create realistic images and art us-
ing deep neural networks. Popular text-to-image generation
models include DALL·E 2 [11] and Stable Diffusion [13]
which allow users to generate images based on a descrip-
tion in natural language.

Recommendation systems [12] are used by many big
companies such as Amazon [14], Netflix [2], and Youtube

[1] to provide users with personalized recommendations
and have a huge business value. There are many different
approaches to recommendation systems, such as collabo-
rative filtering [16], content-based filtering [10], and deep
learning [17], to name a few.

Visual or image-based recommendation systems [6, 9]
have been previously used in the context of fashion to rec-
ommend items based on the user’s preferences and the style
of the item.

To the best of our knowledge, there are no attempts to
use AI image generation for guessing the user’s preferences
and providing them with a recommendation.

3. Proof of Concept

We have developed a proof of concept for our proposed
solution during hackaTUM 2022 [4] for the challenge pro-
vided by StreamPicker [15]. The proof of concept can be
found at zapped.ospatos.com and extends on our
hackathon submission at hackatum22.ospatos.com.

For the proof of concept, we pregenerated 1000 images
using the DALL·E 2 [11] text-to-image generation model.
The images were generated using the following prompt pat-
tern: “Trending on artstation. Impressive digital art with
excellent composition. genre1, genre2, genre3, keyword1,
keyword2, keyword3” filled with a popular movie’s genres
and keywords. Examples of the generated images can be
seen in Figure 1. Out of the 1000 images, we select three
times three random images and present them to the user to
choose between. Based on the user’s choices, we weight
the genres and keywords associated with the chosen images
and use them to generate a movie recommendation.

The results of the proof of concept are promising with
mostly positive feedback from the users. Common feed-
back was that the images were visually appealing and that
the users liked the idea of using AI image generation to cap-
ture their preferences and help them make a decision. On
the other hand, users also pointed out that the images were
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not always understandable and often too abstract, dramatic,
mysterious, or dark (cf . Figure 1). A lot of things about
this proof of concept can be improved, but we believe that
the concept is promising and can have a positive impact on
users’ decision making.

(a) Star Wars: Action, Science Fic-
tion, Adventure, superhero, super
power, space

(b) Pirates of the Caribbean - The
Curse of the Black Pearl: Adven-
ture, Action, Fantasy, pirate, gold,
swashbuckler

(c) The Lord of the Rings - The
Fellowship of the Ring: Fantasy,
Adventure, Action, magic, battle,
sword and sorcery

(d) Fight Club: Drama, Thriller,
Comedy, dystopia, fight, dual iden-
tity

Figure 1. Example images generated by DALL·E 2. The
movie images are generated using the DALL·E 2 model [11] given
prompts including the movie’s genres and keywords.

4. Research Questions
1. How could a recommendation system using AI image

generation work in detail?

2. Can we use machine learning techniques to progres-
sively let the user visually choose concepts to build the
movie they want to watch? (e.g. first choose how much
romance, then how much action, then how much com-
edy, etc.)

3. How can we effectively control the image generation
process to be visually appealing and understandable
while still capturing the user’s preferences?

4. How can the user interface be designed to effec-
tively present the generated images and facilitate the
decision-making process?

5. How can the use of AI image generation for personal-
ized recommendations be evaluated and compared to
traditional recommendation algorithms in terms of ef-
fectiveness and user satisfaction?

5. Method

In our research, we will use the diffusion-based model
Stable Diffusion [13] for AI image generation, since it is
a powerful and publicly available model that can generate
high-quality images. We use movie data from the TMDb [7]
movie database. We will also develop a web interface that
allows users to interact with our movie recommendation
system.

To capture user preferences and make recommendations,
we will use a combination of techniques, including deep
learning, deep generative networks, style transfer, fine-
tuning, clustering, choice architecture, and other machine
learning techniques. We will also conduct a user study to
evaluate the effectiveness of our proposed approach com-
pared to traditional methods for movie recommendations.

Overall, our methods and techniques will allow us
to capture user preferences using AI image generation,
and make accurate and personalized recommendations for
movies.

6. Conclusion

The quality of AI image generation has improved sig-
nificantly in recent years and has only begun to scratch the
surface of its potential. In this thesis, we have proposed a
novel application of AI image generation for using it to cap-
ture user preferences and make personalized recommenda-
tions for movies, illustrated it using our proof of concept.
While our proof of concept has room for improvement, we
are confident that its concept is promising and has the po-
tential to improve users’ decision making.
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